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Optimal boarding method for airline passengers
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Fig. 3. Bamples of the optimal passenger ordering. Note: There are other
permutations that would give identical resuls. Seating would proceed following
passenge

the -
inside the plane at the same time.
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Model simulation for the Port of Rotterdam
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€Extreme Simulation Software
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An Open Urban Driving Simulator (simulation of autonomous cars with agents)

https://carla.org/
https://leaderboard.carla.org/
https://arxiv.org/pdf/1711.03938
https://github.com/carla-simulator/
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Tooling for content Traffic situations
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Tlustration of traffic situations present in the CARLA AD leaderboard.
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https://www.dhigroup.com/technologies/mikepoweredbydhi/mikeplus-model-manager
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https:/immw.nist.gov/elffire-simulation-and-research-software
https:/ipages. nist.gov/fds-smv/



Qbserved forward rate of fire spread (km ")
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Change in number
of dangerous fire
weather days
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Climate change boosted Australia
bushfire risk by at least 30%
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Seizmicky model Castellaro, Mulargia

https://academic.oup.com/gji/article/144/3/609/614264 o . T e
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Figure 2. Collected factors of Wuhan city in this study. () DEM. (b) Slope. (c) Population. (d) Distance to water. (¢) Distance to
railway. (f) Distance to expressway. (g) Distance to national highway

Neural Cellular Automata-based
Land Use Changes Simulation

Jinian Zhang, Lanfa Liu
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Matematické modelovani:

Weak coupling of neurons enables very high-frequency and
ultra-fast oscillations through the interplay of synchronized
phase shifts
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Whole brain models, treatment of epilepsy
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Dynamical systems in computational .

psychiatry: A toy-model to apprehend the ]

dynamics of psychiatric symptoms ’

iﬁ% Christophe Gauld 2t ‘ Damien Depannemaecker®4*!
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https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2023.1099257/full 1

6 1000 2000 3000_ 4000 5400 6000 7000 8000
Time (ays)

67 1000 2000 3000 4000 5000 6000 7000 8000
Tine (days}

,“JJ.U!NHW\W Il NWWMN T

@ 1000 2600 3000 40D0 SODO 600 7000 800D
Time {day:

)

S ATV
T

[

@ 1000 2000 3000 4000 SODO 6000 7000  80DD
R

ime {days)



Iwon $10. 1L0sT $10m
Cool, I guess. MY LIFE 1S RUNED.
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FIGURE 4.—A hypothetical weighting function.

Prospect theory, Tversky, A. & Kahneman, D. (1979). Prospect Theory: An Analysis of Decision under Risk



SIR -Covid19
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COVID-19 Data
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Daily New Cases.

Cases per Day
Data as of 0:00 GMT+0
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COVID-19 Data

Distribution of cases

Russia 3.72 % (4,212,100 cases)
Brazil: .12 % (10,326,008 cases)

g France: 3.23% (3,661,410 cases)
Kingdom: 3.66%

Whet ST s

Spain 2.80 % (3,170,644 cases)
India 9.76.% (11,046,914 cases)
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Allele Frequencies

| Gene 1: The beard itself

Gene 2: Green beard altruism
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C-NSA: a hybrid approach based on artificial
immune algorithms for anomaly detection in

web traffic
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Boolean network model predicts cell cycle sequence of fission yeast

Maria I. Davidich and Stefan Bornholdt
Institute for Theoretical Physics, University of Bremen, D-28359 Bremen, Germany
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FIG. 2 State space of the 1024 po
fixed point attractors. Each circle corres
activation state (active/inactive). The largest attractor tree corresponds 10 all network states flowing to the G1 fix
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S&WUN
PP Cde2s

‘Wee1/Mik1

FIG. 1: Network model of the fsion yeast cel-cycle regulation.

G1- Growth
S-DNA synthesis

G2 - Growth and
preparation for
mitosis

M-
(cell division)

Davidich MI, Bomholdt .
Boolean network model
predicts cellcycle sequence
offission yesst. PLOS One.
2008 Feb 27;3(2):21672. do:
10.1371/journal.pone.0001 67
2. PMID: 18301750; PMCID:




Verlet integration
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https://www.youtube.com/watch?v=IS_qgeBy3aQl




Revisiting Jevons’ Paradox with System Dynamics -
Systemic Causes and Potential Cures

CE per person to 2030

kgCo2/person
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https://doi.org/10.1111/jiec.12285



